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Summary 

This chapter explains how artificial intelligence (AI) adoption is a change management challenge 

that is fundamentally — not merely a technology upgrade — and introduces the AI-Frisson 

Framework as a practitioner-tested approach for leading organizations through that transition 

confidently, sustainably, and with measurable competitive advantage. The term "AI-frisson" — 

from the French word for a sudden rush of excitement mixed with unease — describes the 

psychological response that individuals and organizations often experience when confronting AI 

disruption [38-39]. Left unmanaged, this response often produces stress, burnout, and stalled 

adoption. Managed with structured governance, it becomes a productive force for institutional 

transformation. 
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The AI-Frisson Framework integrates three established disciplines: change management 

science, competitive strategy, and proactive organizational well-being. It is grounded in the 

management tradition of Deming, Drucker, Porter, and Peters, draws on documented historical 

precedents from the TQM movement and food safety culture, and is formally connected to the 

author's published work on operational resilience and business continuity management systems. 

Together, these published frameworks provide the governance architecture within which AI 

adoption can be managed. 

Key Learning Objectives: 

1. Define AI-frisson and explain why AI adoption requires a structured change 

management response, not merely a technology implementation plan. 

2. Apply the AI-Frisson Framework's five-dimension change management architecture to 

an organizational AI adoption initiative, including the optional sixth dimension for ISO 

22301-aligned organizations. 

3. Connect AI adoption governance to operational resilience and business continuity 

management systems (BCMS) as integrated enterprise disciplines governed by the 

Plan–Do–Check–Act (PDCA) cycle. 

 

Understanding AI-Frisson: The Psychology of Technological 

Disruption 

Organizations adopting artificial intelligence face a challenge that is simultaneously technical, 

strategic, and deeply human. The tools are new, but the pattern of adoption is familiar, where 

any technology that fundamentally rewires how people work triggers a predictable “psychological 

arc” — one that, if not managed proactively, the rapid technological disruption produces 

resistance, burnout, and failed implementation.  

Definition: Deeply human refers to the dimension of AI adoption that involves identity, 

emotion, meaning, and relationships — elements of work and organizational life that cannot 

be optimized by technology alone.  
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AI disrupts not just workflows but how people understand their professional value, their role on a 

team, and their sense of competence and control. Managing AI adoption as a deeply human 

challenge means treating the psychological and social dimensions of change as first-order 

governance responsibilities, not secondary concerns. Two concepts define how this challenge 

manifests in practice. First is in “human in the loop” environments, AI operates autonomously 

while a human monitors and adjusts its outputs. There are often questions of oversight, trust, 

and skill atrophy. Second is “AI in the loop” environments, where humans conduct a series of 

tasks while AI supports specific activities within the overall workflow. While the human is acting 

and AI is conducting sub-routines, there are emerging questions of collaboration, attribution, 

and capability development. Both models require deliberate attention to the human experience 

of working alongside AI. 

Something like the AI-Frisson Framework begins by naming and normalizing that arc. The 

psychological arc describes the predictable sequence of emotional and behavioral responses 

that individuals and organizations move through when confronting disruptive change. This is from 

initial shock and resistance, through bargaining and depression, and finally into testing, healing, 

and productive adoption. 

Definition: Psychological arc — The predictable sequence of emotional and behavioral 

responses that individuals and organizations move through when confronting disruptive 

change. In the context of AI adoption, the arc maps onto the Seven Stages of the Grief 

Cycle: shock, denial, anger, bargaining, depression, testing and healing, and acceptance 

and hope. The arc is not linear; individuals and groups may cycle back through earlier 

stages, and different parts of an organization may be at different points simultaneously. 

Understanding the arc is the foundation of the AI-Frisson Framework’s change management 

approach. 

 

The AI-Frisson Framework 

The psychological arc operates simultaneously at three levels, each of which the AI-Frisson 

Framework addresses directly. At the individual level, each employee navigates the arc on their 

own timeline, shaped by prior experience with technology, confidence in learning new skills, and 

the psychological safety of their immediate work environment. Some individuals move quickly 

from shock to acceptance; others stall at bargaining or sink into depression. At the peer group 

level, team dynamics either accelerate or delay the arc: cohesive, psychologically safe teams 
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tend to move through it collectively, while fractured or high-pressure teams amplify individual 

stress and normalize resistance. At the enterprise level, the aggregate response of all individuals 

and groups shapes the organization’s overall adoption trajectory — and it is at this level that the 

consequences of unmanaged AI-frisson become visible in performance metrics, retention rates, 

and competitive position. 

Definition: AI-frisson is a sudden, involuntary rush of excitement mixed with unease that 

individuals and organizations experience when confronting rapid AI adoption [38-39]. The 

term derives from the French "frisson" — a shiver or thrill — and captures the dual emotional 

reality of AI disruption: the genuine excitement of possibility alongside the genuine anxiety of 

uncertainty. 

 

Seven Stages of Grief Cycle Applied to AI-Adoption 

The AI-frisson response maps onto the well-established Seven Stages of the Grief Cycle that 

includes Shock, Denial, Anger, Bargaining, Depression, Testing and Healing, and Acceptance 

and Hope. In the context of AI adoption, these stages manifest organizationally as patterns of 

institutional behavior: 

• Shock — The sudden awareness of AI’s scope predictably triggers an initial freeze 

response. Organizations go quiet, leaders delay decisions, employees feel overwhelmed 

before any real change has been made: “I had no idea AI could do all of that – it’s so 

technical.” 

• Denial — Organizations dismiss the new technology’s relevance to their sector or role, 

often framing it as a passing trend rather than a structural shift. This stage delays 

investment in the change management infrastructure that will eventually be needed: “AI 

is just another over-hyped fad — it’s a waste of time and it won’t apply to us.” 

• Anger — As AI’s presence grows undeniable, frustration surfaces. Employees resist 

new workflows and attribute problems to the technology itself rather than to the transition 

process. Unmanaged anger produces backlash, disengagement, and the scapegoating 

of AI initiatives: “AI is a dangerous toy that is going to destroy everything we’ve built.” 

• Bargaining — This is a cognitive and organizational coping mechanism. Rather than 

confronting the full scope of AI adoption, people and institutions negotiate boundaries. 

Accepting AI in narrow, controllable domains while constructing arguments for why 
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broader adoption is unnecessary or premature. This boundary-setting provides 

temporary psychological relief but can harden into structural resistance if it goes 

unaddressed: “Fine — we’ll use AI for that one task, but we’re keeping everything else 

the way it is.” 

• Depression — Employees recognize the gap between their current skills and what AI 

adoption requires, and that gap feels insurmountable. This is the trough of perceived 

competence: the stage where burnout, withdrawal, and absenteeism risk peak. Without 

proactive well-being support, this stage can derail even well-resourced adoption 

programs: “I’ll never understand AI well enough, and I’m pretty sure it’s going to take my 

job – I should just give up.” 

• Testing and Healing — Individuals and teams begin cautious experimentation. Small 

wins build confidence. The discovery that AI is a tool — not magic, and not a 

replacement — shifts the emotional tone from threat to possibility. Peer-to-peer learning 

accelerates at this stage when psychological safety is in place: “AI is not magic, and 

even though I’m still learning it, I can see how it helps with real tasks.” 

• Acceptance and Hope — AI adoption becomes normalized. Employees integrate AI 

tools into daily workflows, and the organization begins to realize the competitive dividend 

of early, governed adoption. Structured change management, psychological safety, and 

demonstrated capability gains converge here to produce durable advantage: “AI has 

changed how we work — and we’re better at our jobs because of it.” 

 

Application of a Psychological Tool: RAIN 

RAIN is a mindfulness-based practice framework developed in the tradition of Jon Kabat-Zinn’s 

Mindfulness-Based Stress Reduction (MBSR) and later refined and popularized by psychologist 

and meditation teacher Tara Brach. The acronym stands for Recognize, Accept, Investigate, and 

Non-Attachment. In the context of AI adoption, RAIN offers a structured practice for individuals 

and teams to move through the emotional and cognitive discomfort of disruption without becoming 

stuck in resistance, avoidance, or reactivity. It is not a technique for generating enthusiasm about 

AI or eliminating concern. It is practice for working skillfully with whatever arises — including fear, 

frustration, and uncertainty — so that those responses inform rather than control behavior. The 

critical point about Non-Attachment bears special emphasis: it does not mean giving up, not 

caring, or becoming passive. In this context, Non-Attachment means releasing the grip of stress 

and fear that prevents clear thinking and genuine engagement. It means creating a 
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psychologically and professionally safe zone — one in which employees can acknowledge 

difficulty without that acknowledgment threatening their standing, their roles, or their sense of 

competence. 

Non-Attachment means releasing the fused, stress-saturated relationship to the outcome — not 

abandoning the outcome but reducing the grip of fear and urgency that degrades judgment and 

crowds out creativity. For organizations, Non-Attachment is operationalized through the 

governance guardrails that make it safe to engage without requiring people to have all the 

answers immediately this is achieved by explicit employment policies, structured peer support, 

and leadership modeling of candid, non-defensive engagement with AI uncertainty. 

 

Personal Insight – Cycling Between Grief Stages (Feb 2026): It seems that most individuals 

and enterprises are between the “anger” and “bargaining” steps. There also seems to be a 

transition to borderline “depression” stage, where the individual wins reveal so many missed – 

or random – opportunities. There is a realization that your current AI projects are probably 

behind and inefficient. There is realization, exhaustion, or fear that many people are all 

“reinventing the wheel” – and each wheel is probably inferior in many ways. This is a unique 

type of innovation, happening so fast, with such radical disruption to everything, that the current 

social or training networks are inferior. This type of speed and breadth of change is 

unprecedented. Some experts equate it to the internet, smartphones, portable laptop 

computers, desktop computers, fax machines, landline phones, and even electricity, but 

implementing and evolving exponentially faster. The evolution is in days or weeks rather than 

quarters or years. The current systems – and ways of thinking – are ill-equipped for this AI 

adoption.  

 

Understanding this arc is not an exercise in organizational psychology for its own sake. 

Understanding the arc is a governance imperative. Research confirms that AI adoption does not 

cause burnout directly — but it does so indirectly, through the mediating force of job stress. A 

2024 peer-reviewed study of 416 professionals found that AI adoption initially significantly 

increases job stress, which in turn drives burnout. Alternatively, employees with higher confidence 

in AI learning experience substantially less of that stress [1]. A parallel study found that AI 

adoption has a significant negative impact on psychological safety, which in turn increases 

depression, and that ethical leadership serves as a key moderating factor [2]. Industry data adds 

urgency, where 53% of employees report anxiousness due to the rapid pace of AI developments, 
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and frequent AI users initially experience a 45% higher burnout rate [5, 6]. The implication for 

leadership is clear: managing AI adoption is managing the conditions under which people 

encounter the grief cycle. This is a question of whether they are equipped to move through 

technology adoption productively. Based on insight from previous innovations, when a strategic 

change management program is adopted in a supportive and collaborative environment, there is 

an opportunity for radical adoption and acceptance. 

Sidebar: The Science Behind the Arc — Organizational Psychology, Individual 

Psychology, Organizational Anthropology, and Business Anthropology 

Organizational psychology is the scientific study of human behavior in workplace settings. 

It draws on cognitive psychology, social psychology, and behavioral science to understand 

how individuals and groups perform, adapt, and respond to change. The American 

Psychological Association (APA) recognizes industrial-organizational (I-O) psychology as a 

formal discipline (Division 14), and the Society for Industrial and Organizational Psychology 

(SIOP) serves as its primary professional association. Core concerns of organizational 

psychology include motivation, leadership, team dynamics, job stress, and organizational 

culture — all of which are directly implicated in AI adoption. 

Individual psychology focuses on how each person processes, responds to, and recovers 

from change. Key variables include self-efficacy (the belief in one’s ability to learn and 

perform), resilience, tolerance for ambiguity, and prior experience with technological 

disruption. Research on AI adoption consistently finds that self-efficacy in AI learning is the 

strongest individual-level moderator of the stress response: employees who believe they can 

learn new tools experience significantly less burnout than those who do not [1]. 

Organizational anthropology studies the cultural, symbolic, and social dimensions of 

human groups within organizations. While organizational psychology tends to focus on 

measurable behaviors and outcomes, business anthropology attends to meaning: how do 

people make sense of change? What cultural narratives do they invoke? How do group 

rituals, norms, and identities shape collective responses to disruption? For AI adoption, 

business anthropology offers a complementary lens: the psychological arc is not just a 

sequence of stress responses — it is also a story that organizations tell about who they are 

and what they value. Managing AI adoption well means attending to both the measurable 

and the meaningful. 
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AI Adoption as Enterprise Change Management: Historical Context 

and Management Principles 

AI adoption is not a new kind of problem it is just a novel expansion of automation technology. 

From writing papers longhand to typing on a word processor, to spell check programs and citation 

management software, to spell check systems like Grammarly that recommend phrases, AI large 

language models are providing more advanced support on the automation continuum. The 

management canon provides durable, directly applicable guidance, and history offers compelling 

precedents for enterprise-wide culture change of exactly this scale.  

What distinguishes the organizations that manage this transition successfully from those that 

stumble is not the sophistication of their AI tools. Still, it is whether they have built a change-ready 

enterprise: one with the leadership clarity, communication infrastructure, capability development 

systems, and then psychological safety with a psychological safety culture to absorb and 

integrate new technologies at the pace the competitive environment demands. Building that 

enterprise readiness is not a one-time project. This readiness is a management discipline, and it 

begins before any specific AI tool is deployed. 

Definition: Psychological safety — The shared belief, within a team or organization, that it 

is safe to speak up, take interpersonal risks, ask questions, and admit uncertainty without 

fear of punishment or humiliation. The concept was established in management literature by 

Amy C. Edmondson of Harvard Business School and has since been identified as a critical 

predictor of team learning and performance. In AI adoption contexts, psychological safety is 

the condition that allows employees to engage honestly with new tools, admit skill gaps, and 

contribute to learning cultures rather than defaulting to avoidance or compliance theater. 

Definition: Psychological Safety Infrastructure — The governance systems, leadership 

practices, communication norms, and organizational policies that create and sustain 

psychological safety at scale. Unlike individual psychological safety (which is a perception 

held by a person), Psychological Safety Infrastructure is a management system — designed, 

measured, and continuously improved. It includes mechanisms such as structured feedback 

channels, safe-to-fail experimentation spaces, explicit policies on how AI will and will not 

affect employment, and leadership modeling of candid engagement with AI uncertainty. It is 

Dimension 4 of the AI-Frisson Framework. 
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To place AI in a historical context, the concept of machine intelligence traces to Alan Turing’s 

landmark 1950 paper “Computing Machinery and Intelligence.” Turing proposed evaluating 

machine intelligence through what he called the Imitation Game — now known as the Turing Test 

[30]. The test asks whether a human judge can distinguish between a human and a machine in 

text-based conversation. A machine that cannot be reliably distinguished passes the test. The 

term “artificial intelligence” itself entered the lexicon in 1956, when John McCarthy used it to 

describe the program of research at the Dartmouth Conference [32]. These foundational moments 

established AI as a long-term intellectual project, not a sudden technological event — a framing 

directly relevant to how organizations should approach AI adoption today. 

Automation technology has evolved in stages, each building on the last. The first industrial 

revolution was mechanized production using water and steam power, referred to as Industry 1.0. 

The second introduced mass manufacturing and electrical assembly lines, referred to as Industry 

2.0. The third applied electronics and early computing to automate industrial processes, referred 

to as Industry 3.0. The fourth — commonly called Industry 4.0 — integrates digital systems, 

robotics, and data networks into physical production environments. Each transition required 

organizations to adapt with new skills, new roles, and new management approaches. AI 

represents the latest and most cognitively demanding stage of this arc, because for the first time, 

the automation is not just performing physical or routine tasks but augmenting judgment, analysis, 

and communication. The emerging fifth stage — sometimes referred to as Industry 5.0 — 

reframes the relationship between humans and technology: rather than automation replacing 

human labor, Industry 5.0 emphasizes collaboration between human intelligence and machine 

capability, with a renewed focus on resilience, sustainability, and human-centered values in 

production and services. The European Commission formally defined this framing in 2021 [23]. 

For supply chain professionals, this means that AI is not the endpoint of the automation arc but 

one stage within an ongoing evolution that is now explicitly designed to keep the human at its 

center [22]. Their focus is what makes AI adoption a deeply human challenge and not merely a 

technical one. 

The international standards community has begun to formalize AI governance in ways that directly 

reinforce this change management framing. ISO 42001 (Artificial Intelligence Management 

Systems), published in 2023, establishes a structured framework for organizations to govern AI 

responsibly. The standard has sections covering risk assessment, transparency, accountability, 

and continuous improvement. Like ISO 9001 for quality and ISO 22301 for business continuity, 

ISO 42001 is built on the Plan-Do-Check-Act cycle. It requires organizations to treat AI 
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governance as an ongoing management discipline rather than a one-time compliance exercise. 

For organizations already operating under ISO 22301-aligned BCMS governance, integrating ISO 

42001 creates a unified enterprise governance architecture that spans resilience, continuity, and 

AI adoption — exactly the integration that the AI-Frisson Framework is designed to support. 

Rooting AI adoption change management in ISO standards also provides an important signal to 

employees, boards, and external stakeholders: that AI adoption is being governed with the same 

rigor as other enterprise risks and is not being improvised. 

The Management Tradition 

Four foundational management thinkers provide theoretical architecture for the AI-Frisson 

Framework. The management tradition referred to here is the body of foundational, peer-

reviewed, and widely adopted management thinking that has shaped how organizations operate, 

compete, and lead people through change. It is “tradition” in the sense that it has stood the test 

of time and been validated across industries and contexts, and not in the sense that it is a legacy 

practice or outdated. These thinkers remain the most cited, most applied, and most board-level-

relevant management strategists, and their frameworks map directly onto the AI adoption 

challenge. 

W. Edwards Deming — Drive Out Fear 

Deming argued that organizations must actively drive out fear so that everyone may work 

effectively — a principle as applicable to AI anxiety today as it was to the quality revolution of the 

1980s. He also established that quality begins with the intent of management, not the compliance 

of workers, placing the responsibility for culture squarely at the leadership level. Applied to AI 

adoption, this principle means that the psychological safety required for successful AI adoption is 

not an HR matter. There is a strategic commitment made and demonstrated by the board and 

executive team [7]. In Out of the Crisis (1982), Deming identified fear as one of the seven deadly 

diseases of management, writing that fear causes immense loss. This is a missed opportunity in 

terms of performance, in morale, and in the willingness to ask questions or surface problems. 

Applied directly to AI adoption, this means that organizations whose employees are afraid to admit 

they do not understand an AI tool, afraid to make mistakes during experimentation, or afraid that 

AI threatens their employment, are organizations that will fail to adopt AI effectively, regardless of 

their investment in technology. Eliminating that fear is a leadership act, not an HR program. 

Peter Drucker — Change as a Resource 



 BSCM Chapter11 Supplement AI Frisson Framework (v1)     11 

 
11 

WORKING PAPER                       © 2026 John W SPINK 
 

Drucker framed change not as a threat but as a resource. The effective leader searches for 

change, responds to it, and exploits it as an opportunity. He also warned that “culture eats strategy 

for breakfast” — meaning that even the most sophisticated AI strategy will fail if it runs against 

the grain of an organization's people and values. The AI-Frisson Framework operationalizes this 

insight by making culture change — not technology deployment — the primary object of change 

management investment [8]. In Managing in Turbulent Times (1980), Drucker argued that in 

periods of rapid environmental change, the primary task of management is not to optimize current 

operations but to position the organization for a fundamentally different future. Turbulence, he 

observed, does not necessarily harm strong organizations — but it brutally punishes those that 

are slow to perceive change and slower still to act on it. For AI adoption, this means that the 

organizations most at risk are not those that lack AI tools, but those whose management systems, 

cultures, and leadership postures remain calibrated for a pre-AI environment. Building on that 

foundation, in Innovation and Entrepreneurship (1985), Drucker argued that the effective leader 

always searches for change, responds to it, and exploits it as an opportunity rather than a threat. 

For AI adoption, this reframe is consequential: leaders who approach AI as a compliance burden 

will invest differently — and less effectively — than those who approach it as a resource to be 

exploited for competitive advantage. 

Michael Porter — Competitive Positioning 

Porter established that competitive strategy aims to establish a profitable and sustainable position 

against competitive forces. Organizations that move early to build change-ready cultures will 

occupy a stronger competitive position when AI disruption accelerates. The choice is not whether 

to adopt AI — it is whether to lead that adoption or follow it. The AI-frisson dividend accrues to 

those who lead [10]. In Competitive Advantage (1985), Porter established that sustainable 

competitive advantage comes from performing activities differently than rivals — or performing 

different activities altogether. In AI adoption, the relevant activity is not deploying an AI tool (any 

competitor can do that) but building the organizational capacity to adopt, integrate, and 

continuously improve AI use. That capacity is a management system, built through deliberate 

investment in leadership alignment, communication, capability development, and psychological 

safety. It is difficult to replicate quickly — and that difficulty is precisely what makes it a source of 

durable advantage. 

Tom Peters — Continuous Improvement and Leveraging Chaos 

Tom Peters, co-author of In Search of Excellence (1982, with Robert H. Waterman Jr.) and 

author of Thriving on Chaos (1987), brought a fundamentally different emphasis to management 
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thinking than Deming, Drucker, or Porter [32, 33]. Where Deming focused on quality systems and 

fear, Drucker on opportunity and culture, and Porter on strategic positioning, Peters focused on 

the enterprise-wide discipline of continuous improvement (CI) as a management practice and 

cultural commitment — not just in quality, but across every dimension of organizational 

performance. His core argument was direct, and excellent organizations are not built through 

occasional strategic leaps but through the relentless pursuit of small, daily improvements in how 

people work, how they are led, and how they serve customers. The standard he set was not 

incremental efficiency but a living, organization-wide commitment to getting better at everything, 

continuously. In Thriving on Chaos, Peters wrote that excellent firms of tomorrow will cherish 

impermanence and thrive on chaos. This includes a framing that anticipates, with remarkable 

precision, the conditions AI adoption now creates for every organization. 

The distinction between Peters’ CI framework and the other three thinkers matters for AI adoption. 

Deming, Drucker, and Porter each offer a lens for understanding change at a strategic or cultural 

level. Peters offers the operational discipline — the answer to the question: once the strategy is 

set and the culture is aligned, how do organizations actually sustain improvement over time? His 

answer was structured, distributed, and daily: improvement embedded in how every team works, 

measured continuously, and celebrated visibly. Applied to AI adoption, Peters’ CI framework 

means treating AI capability-building not as a training event or a project phase but as an ongoing 

operational discipline — one in which teams continuously experiment with AI tools, share what 

works, retire what does not, and build organizational knowledge iteratively. This is precisely the 

rhythm that psychological safety infrastructure enables and that the AI-Frisson Framework is 

designed to sustain. 

Personal Insight – My AI-Frisson Journey (Nov 2024 to Feb 2026 and ongoing): Early in 

my AI adoption journey, after I had created several research reports and two undergraduate 

college courses, I sought a term that represented my feelings: Frisson. I perceived AI as a 

potential radical disruption to all my work, including teaching. As with the email, the internet, the 

dot-com era (e.g., the Chevron-funded Silicon Valley Oil Company), the start of online courses 

(e.g., developing one of the first electives in the MSU Master of Science in Food Safety 

Program), pushed to create the first MSU Massive Open Online Course MOOC (e.g., 

Introduction to Food Fraud Prevention), I sensed that the innovation would either crush me or I 

would get ahead and ride the wave. I started to “play and dabble,” but this became tangible 

when I had a deadline for my two classes to open. Later, when I kept hearing about new or 

different AI tools that provided amazing innovations, I also had a bit of panic or fear. I was 
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probably cycling between the grief types of Depression and Testing/Healing. In reality, if I’m 

being honest, I’m probably still in those steps, and I don’t think I’ve fully moved to 

Acceptance/Hope. 

 

Historical Precedents for Enterprise Culture Change 

The magnitude of AI disruption can seem unprecedented, but management science offers directly 

relevant precedents. Three are particularly instructive: 

• TQM: Total Quality Management (TQM): governed by ISO 9001 (Quality Management 

Systems) and supported by ISO 31000 (Risk Management) 

The TQM movement spread from the U.S. Navy throughout government and private industry, 

requiring organizations to fundamentally rewire their cultures — not just their processes. Success 

came not from mandating compliance but from building shared commitment to a new way of 

working. Organizations that institutionalized TQM culture consistently outperformed those that 

treated it as a compliance exercise. AI adoption demands the same institutionalization. 

• CI: Continuous Improvement (CI): Enterprise-wide operational improvement as a 

continuous management discipline 

Continuous improvement (CI) is distinct from TQM in an important way. TQM focuses on quality 

systems — conformance, defect reduction, and process reliability. CI is broader: it is the 

organizational commitment to getting better at everything, continuously, across all functions and 

levels. The CI tradition, rooted in theories such as the Kaizen philosophy from Japanese 

manufacturing and formalized in Western management practice through the work of Tom Peters, 

holds that sustained performance advantage comes not from occasional strategic breakthroughs 

but from the daily accumulation of small, distributed improvements embedded in how teams 

actually work. Organizations that built genuine CI cultures — where every employee was 

expected to surface improvement opportunities, not just execute defined tasks — proved 

consistently more adaptive during technological transitions. For AI adoption, the lesson is direct 

that organizations waiting for a defined AI transformation program to make them capable will be 

outpaced by those building the cultural habit of continuous learning and iteration into their 

management systems now [33]. 
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• Food Safety Culture: Food Safety Culture (HACCP and FSMS): governed by ISO 

22000 (Food Safety Management Systems) and benchmarked through the Global Food 

Safety Initiative (GFSI) 

Frank Yiannas pioneered the concept of food safety culture, demonstrating that achieving food 

safety success requires going beyond traditional training and inspection approaches — it requires 

a better understanding of organizational culture and the human dimensions of change. The 1993 

Jack-in-the-Box E. coli outbreak triggered urgent, global adoption of HACCP, demonstrating that 

proactive systems save organizations from the catastrophic costs of delayed action. 

Organizations that built genuine safety culture — rather than procedural compliance — 

consistently achieved better outcomes [11, 12]. 

• BCMS: Business Continuity Management Systems (BCMS) 

Organizations that had institutionalized BCMS — with ISO 22301-certified governance, formal 

incident management, risk tolerance frameworks, and PDCA-driven recovery cycles — 

consistently outperformed peers during COVID-19 and other enterprise-scale disruptions. The 

parallel to AI is direct where AI adoption is the next test of that same institutional discipline. 

Organizations that treat AI adoption as a resilience challenge — not a technology project — will 

manage the transition more effectively and emerge with stronger governance capability. 

Both the TQM and food safety movements succeeded not by mandating compliance but by 

building a shared culture, one where the new way of working became normal, even empowering. 

AI adoption benefits from a similar approach. 

Organizational Well-Being as a Governance Imperative 

Organizational well-being refers to the sustained capacity of an organization’s people to function 

effectively, engage meaningfully, and contribute to institutional goals. This is best achieved 

without chronic stress, burnout, or disengagement degrading that capacity. It is distinct from 

individual employee wellness programs, which address personal health, but it can contribute. 

Organizational well-being is a systems-level condition, shaped by leadership behavior, 

governance structures, workload design, and the psychological safety of the environment in which 

people work. 

Organizational well-being operates at three interdependent levels, each of which the AI-Frisson 

Framework monitors and manages distinctly. At the individual level, well-being is determined by 

each employee’s mental health, depression, motivation, disillusionment, and self-efficacy. Self-

efficacy is their belief that they can learn and contribute to an AI-augmented environment. When 
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individual well-being deteriorates, the first signs are often invisible such as disengagement, 

reduced initiative, and quiet resistance that does not appear in performance metrics until it has 

already compounded. At the peer group level, team dynamics either buffer or amplify individual 

stress. A psychologically safe team becomes a recovery environment. That is a place where 

employees can admit difficulty, share learning, and rebuild confidence. A fractured, high-pressure, 

or disillusioned team accelerates the downward spiral. At the enterprise level, organizational 

well-being is the aggregate condition that determines whether the organization as a whole has 

the human capacity to execute its AI adoption strategy. The AI-Frisson Framework is designed 

to monitor each level separately. This includes using individual well-being indices, team-level 

psychological safety surveys, and enterprise-level burnout and retention indicators and managing 

each level in relation to the others. The output is not three separate programs but a single, 

integrated enterprise-wide well-being plan, grounded in evidence at every level and governed at 

the leadership level as an adoption risk. 

AI adoption directly threatens organizational well-being when it is managed poorly. Research 

confirms that AI adoption increases job stress, reduces psychological safety, and — when those 

effects go unmanaged — produces depression, burnout, and withdrawal [1, 2]. These are not side 

effects. They are predictable outcomes of exposing people to rapid, unstructured change without 

adequate governance, communication, or support. The historical precedents from TQM and food 

safety culture confirm the pattern: organizations that invested in the human dimensions of change 

alongside the technical dimensions consistently outperformed those that did not. 

Treating organizational well-being as a governance imperative — rather than a wellness amenity 

— means building it into the AI adoption change management program by design. It means 

measuring it (through well-being indices, burnout indicators, and psychological safety surveys), 

reporting on it at the leadership level, and treating deterioration in well-being metrics as an 

adoption risk requiring a management response. The AI-Frisson Framework incorporates 

organizational well-being not as a fifth concern added after the real work is done, but as a core 

condition on which effective adoption depends. 

 

Human Capacity in Operational Resilience 

Human capacity encompasses cognitive bandwidth (the mental and emotional resources 

required to engage with new demands), skill availability (whether employees have the technical 

and adaptive competencies required), psychological readiness (the motivation, confidence, and 
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safety to engage with change), and workforce continuity (whether key people remain engaged 

and available through the transition). The American Psychological Association (APA) frames 

individual cognitive and emotional capacity as foundational to workplace performance and 

resilience (APA, 2023, Stress in America) [22]. At the organizational level, human capacity is a 

governance resource: it must be assessed, protected, and actively replenished — not assumed. 

AI adoption programs that deplete human capacity through unmanaged stress and unrealistic 

pace expectations do not just risk employee well-being; they undermine the resilience of the 

organization itself. 

 

 

The AI-Frisson Framework: A Five-Dimension Change Management 

Architecture 

The AI-Frisson Framework provides a structured, practitioner-tested approach for leading 

organizations through AI adoption. It integrates change management science, competitive 

strategy, and proactive well-being support into a single, executable architecture. The term 

“architecture” is used deliberately: like a building’s architectural plan, the framework provides the 

structural logic that holds all components in defined relationship to each other — ensuring that 

leadership alignment, communication, capability building, well-being support, and measurement 

are not independent initiatives but an integrated, load-bearing system. Removing or 

underinvesting in any dimension weakens the whole. The core of the framework is a five-

dimension AI-Frisson canvas (a structured, single-page planning tool that maps all critical 

dimensions of a strategy onto one visual framework, enabling leaders to see the whole picture, 

identify gaps, and align teams around a shared plan). There is an optional sixth dimension for 

organizations operating under ISO 22301-aligned governance. 

Psychological safety — first rigorously defined by Harvard Business School professor Amy 

Edmondson — is the shared belief held by members of a team that the team is safe for 

interpersonal risk-taking [35]. In the context of AI adoption, it means that employees feel able to 

ask questions about AI tools without embarrassment, acknowledge gaps in their AI knowledge 

Definition: Human capacity — In the context of operational resilience and AI adoption, 

human capacity refers to the collective ability of an organization’s workforce to perform 

essential functions, adapt to change, and recover from disruption.  
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without fear of judgment, experiment with new workflows without fear of punishment for mistakes, 

and raise concerns about AI use without fear of retaliation. Without psychological safety, none of 

the other dimensions of the AI-Frisson Framework will achieve their intended effect: employees 

who are afraid will not engage honestly in training, will not surface adoption problems through 

communication channels, and will not show up authentically to leadership-sponsored change 

initiatives. Psychological safety is not a precondition for culture change — it is the medium in 

which culture change happens. 

Framework Definition: The AI-Frisson Framework is a practitioner-tested change 

management architecture for AI adoption that integrates leadership alignment, 

communication planning, capability building, psychological safety infrastructure, and 

performance measurement into a governed, PDCA-driven organizational change program. 

 

The AI-Frisson Five-Dimension Strategy Model 

Dimension 1 — Leadership Stewardship 

Effective AI adoption begins with leadership clarity and public commitment. Leaders should define 

what they believe about AI's strategic role, communicate that belief consistently, and model the 

behaviors they expect from the organization. Further, an acknowledgment that this can and will 

be disruptive and stressful. Deming's principle — that quality (and by extension, change 

readiness) begins with management intent — applies directly here. A leadership team that is 

privately uncertain but publicly silent about AI sends a more damaging signal than one that 

acknowledges uncertainty and commits to learning alongside the organization. 

Dimension 2 — Communication Plan 

Change fails most often not because the strategy is wrong, but because communication is 

insufficient. An effective AI adoption communication plan creates shared language, consistent 

messaging, and bidirectional channels that allow the organization to surface anxiety, correct 

misinformation, and celebrate early wins. The concept of AI-frisson itself is a communication tool: 

naming the experience of disruption, acknowledging the excitement and the unease together 

reduces isolation and creates permission for honest conversation. 

Dimension 3 — Training and Capability Building 
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AI adoption requires a fundamental shift in the competency baseline of the organization. The 

relevant progression is from AI Literacy (knowing what AI is) to AI Dexterity (knowing how to 

apply AI to one's specific domain expertise) to AI-Native practice (working in environments where 

AI is embedded in the workflow by default) (Spink, 2025). (REF)  Training programs that stop at 

literacy, such as only teaching employees what AI can do without helping them build applied 

dexterity, tend to underinvest in the capability change that drives competitive advantage. Training 

programs should be structured around the Plan–Do–Check–Act cycle which includes Plan (define 

competency targets), Do (deploy training at scale), Check (assess dexterity gains and adoption 

rates), and Act (refine based on what is working). 

Dimension 4 — Psychological Safety Infrastructure 

Psychological safety is not a soft variable. It is a performance variable. The human stress 

response to perceived threat takes three forms: fight (resist and push back against the change), 

flee (disengage and exit the organization or role), or freeze (shut down entirely and do nothing). 

In AI adoption, the freeze response is the most organizationally costly and hardest to detect. An 

employee who has quietly stopped learning, stopped engaging, and stopped contributing is not 

visibly disruptive, but represents exactly the kind of silent adoption failure that aggregate metrics 

miss until it is too late. Psychological safety infrastructure is specifically designed to interrupt all 

three responses before they become entrenched. Research demonstrates that AI adoption 

significantly reduces psychological safety, and that reduced psychological safety is a direct 

predictor of resistance, disillusionment, withdrawal, burnout, or depression [2]. Organizations that 

invest proactively in psychological safety infrastructure — including structured peer support, safe-

to-fail experimentation spaces, ethical AI leadership modeling, and explicit policies about how AI 

will and will not affect employment — actively support employee mental health and work to prevent 

the stress-to-burnout cycle before it takes hold. This dimension operationalizes Deming's "drive 

out fear" as a structural intervention, not merely a cultural aspiration. Ethical leadership is 

identified in the research literature as a key moderating variable between AI adoption and 

psychological harm [2]. 

A subtler challenge that psychological safety infrastructure is uniquely positioned to address is 

the educational gap that precedes fear. Many employees do not yet resist AI — they simply do 

not know what they are looking for. They have not yet encountered the AI application that would 

make them say, “that is what I need.” There is a marketing saying that “people don’t know what 

they’re looking for, but they know it when they see it.” A strategic change management program, 

grounded in psychological safety, can proactively guide employees toward meaningful AI 
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discovery — before resistance has had a chance to form. This is not manipulation and it is 

effective leadership. By structuring early AI exposure around genuine, role-relevant use cases — 

delivered in an environment where experimentation is safe and early confusion is expected — 

organizations can preempt the anxiety that comes from feeling left behind or overwhelmed. The 

employee who discovers a genuinely useful AI application before they are afraid of it becomes an 

early adopter. The employee who encounters AI for the first time under pressure, in comparison 

to peers who have already advanced, becomes at risk of withdrawal. This insight is the kernel 

from which the entire AI-frisson change management approach grows proactive, structured, 

psychologically safe adoption is not just kinder — it is measurably more effective. 

Dimension 5 — Measurement 

“What gets measured gets managed”. An AI adoption change management program without 

defined performance indicators is not a program, it is an aspiration. Meaningful measures include 

AI adoption rates by function, self-reported AI dexterity scores, employee well-being indices, and 

post-implementation productivity benchmarks. The critical distinction is expanding from a focus 

on the product to between measuring the artifact (what AI produces) and assessing the 

process (how the organization is changing to work with AI). As AI tools become capable of 

generating many final deliverables, meaningful assessment of change progress must focus on 

the process of capability building, not just its outputs. 

Dimension 6 (Optional) Business Continuity Integration 

For organizations that operate under ISO 22301 (Security and Resilience — Business Continuity 

Management Systems — Requirements)-aligned governance, a sixth dimension adds formal 

business continuity integration to the change management strategy model. This dimension 

ensures that AI adoption is governed by the same risk tolerance, incident management protocols, 

and PDCA-driven recovery cycles that govern other enterprise disruptions. It converts AI adoption 

from a project-managed initiative into a business-continuity-managed capability. 

This dimension directly connects the AI-Frisson Framework to the author's published chapters on 

operational resilience (Chapter 15 Supplement) and BCMS, treating AI adoption as an operational 

resilience challenge — a test of the organization's capacity to maintain essential functions while 

simultaneously transforming how those functions are performed. 
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AI Adoption as an Operational Resilience Challenge 

The AI-Frisson Framework is not a standalone change management methodology. It is grounded 

in formal governance architecture. That governance architecture is built on two published 

operational frameworks — incident management and operational resilience — and formally 

aligned with ISO 22301 (Business Continuity Management Systems) and ISO 31000 (Risk 

Management). Together, these standards provide the enterprise risk governance within which AI 

adoption change management operates. 

Operational resilience is the strategic capacity of an organization to sustain essential functions 

through disruption — not by preventing all disruption, but by building the governance systems, 

human capacity, and recovery protocols that allow the organization to absorb shocks, adapt, and 

continue performing. Operational resilience is usually applied to urgent or acute problems with a 

focus on near-term or immediate response. This applies to individual employee adaptation 

through the theories of change management. OR can help with the adaptation but more directly 

prepare the enterprise for, and mitigate, possible AI-adoption disruptions (e.g. ignore or slow 

down initiatives). It is the complement to incident management, which is the tactical system for 

detecting, responding to, and learning from specific disruption events. Both disciplines are unified 

by the Plan-Do-Check-Act cycle and share a core governance requirement: that risk tolerance is 

set at the board level, accountability for resilience is clearly assigned, and performance is 

continuously monitored and improved. 

AI adoption is, by definition, an operational resilience challenge. It requires organizations to 

transform how essential functions are performed — including procurement, logistics, demand 

planning, supplier management, and quality assurance in supply chain contexts — without 

allowing that transformation to interrupt the delivery of those functions. This is precisely the 

mandate of operational resilience: maintain performance while changing the system that produces 

performance. Organizations that approach AI adoption through a resilience lens bring proven 

governance tools to the challenge. Those that approach it as a technology project typically 

discover, too late, that they have changed the tools without building the resilience infrastructure 

needed to sustain performance through the transition. 

From an ISO standards perspective, ISO 22316 (Organizational Resilience — Principles and 

Attributes) provides the broadest framing: resilient organizations share nine core attributes, 
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including a shared purpose and values, a supportive leadership environment, an ability to 

anticipate and manage uncertainty, and a capacity for coordination and communication under 

stress. Each of these attributes is directly implicated in AI adoption. Organizations that have 

invested in building these attributes — through BCMS programs, operational resilience 

governance, or related frameworks — are meaningfully better positioned to absorb the AI-frisson 

response and convert it into productive adoption momentum. 

Connection to Incident Management within Operational Resilience 

The operational resilience concept establishes incident management, the tactical system for 

detecting, responding to, and learning from disruptions. Operational resilience, the strategic 

capability to sustain essential functions, are complementary disciplines unified by the Plan–Do–

Check–Act cycle. This demands proactive governance, board-level accountability for risk 

tolerance, and a culture of continuous improvement [40]. 

The parallel of operational resilience to AI adoption is direct. AI disruption is, by definition, an 

operational resilience challenge since it requires organizations to maintain critical functions while 

simultaneously transforming how those functions are performed. This is the defining mandate of 

business continuity management — and organizations that approach AI adoption through a 

resilience lens are better positioned to absorb the transition without institutional breakdown. 

 

Connection to Business Continuity Management Systems (BCMS) 

BCMS establishes that business continuity management transforms reactive responses into 

proactive governance, ensuring that every disruption becomes a catalyst for improvement — 

grounded in ISO 22301 and the PDCA cycle. This framing applies directly to AI adoption. 

Many organizations already perform informal AI adoption activities such as pilot programs, ad hoc 

use of AI tools and individual experimentation. BCMS principles suggest that these informal 

practices should be formalized into a reliable, repeatable, and auditable management system. 

Certification and governance structures help organizations maintain focus, recalibrate the level of 

investment needed, and prevent AI adoption programs from drifting toward complacency as the 

initial urgency fades. 
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Table 1 The Deeply Human Dimension of AI Adoption 

Governance Dimension Connection to AI-Frisson Framework 

Risk Identification Map AI adoption failure modes: resistance, burnout, capability gaps, 

ethical risks 

Business Impact Analysis Assess operational impact of failed or stalled AI adoption on core 

functions 

Recovery Objectives 

(RTO/RPO) 

Define acceptable timelines for restoring productivity after AI-induced 

disruption 

PDCA Cycle Plan change program, Do deployment, Check adoption metrics, Act to 

improve 

Board Accountability Set AI risk tolerance; ensure change management competence is 

documented and tested 

Supply Chain Continuity 

(ISO 22318) 

Extend AI governance to suppliers and partners with whom AI-enabled 

processes interact 

 

Enterprise-wide Competitive Positioning in the AI Era 

Porter's framework for competitive strategy establishes that sustainable advantage emerges from 

strategic positioning. This is achieved by doing things differently, or doing different things, in ways 

that are difficult for competitors to replicate. In the context of AI adoption, the source of durable 

competitive advantage is not the AI tools themselves — tools are available to everyone — but the 

organizational capacity to adopt, integrate, and continuously improve AI use. That capacity is a 

management system, and management systems take time to build. 

The AI-Frisson Dividend 

Organizations that invest now in structured AI change management programs — building the 

leadership alignment, communication infrastructure, capability development pathways, and 

psychological safety conditions that enable effective adoption — are creating a durable capability 

advantage. This is the AI-frisson dividend: the compounding return on early investment in change-

ready culture. 
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Consulting and research data confirm the scale of this opportunity. Bain & Company (2025) found 

that 3 in 4 companies identify “people change” — not technology — as their hardest AI 

transformation challenge. McKinsey's State of AI 2025 report documents that organizations 

leading in AI adoption are outperforming peers across productivity, innovation, and employee 

engagement metrics. The constraint is not access to AI since it is organizational readiness to use 

it [13, 14, 17, 18, 19]. 

First-Mover vs. Fast-Follower Tradeoffs 

Not every organization must lead AI adoption. In some sectors, the first-mover advantage is 

significant while in others, fast-followers can learn from early adopters' mistakes without 

sacrificing much competitive ground. The relevant question is not whether to adopt AI, but how to 

position the organization relative to its competitive peer set. A structured AI adoption assessment 

— mapping the organization's current stage (Unaware / Dabbling / Piloting / Scaling / 

Transforming) against its target position at 12 and 36 months — enables leaders to make explicit, 

defensible positioning choices rather than being carried along by the pace of disruption. 

Do Nothing or Slow Follower: A Decision, not a Default 

It is worth naming what is often left unsaid: “do nothing" is a de facto strategic choice. 

Organizations that delay AI adoption are not avoiding a decision — they are making one. The 

decision is that the current state is acceptable. There is at least a de facto acceptance that 

competitors will not gain meaningful advantage from AI adoption in the near term, and that the 

costs of waiting are lower than the costs of acting. That may be the right call in some contexts. 

But it should be a deliberate, documented, enterprise-level decision — not a drift. 

Consider what the Slow Follower position actually requires. It requires that your competitors adopt 

AI without capturing advantages that compound over time. It requires that your employees do not 

become progressively less capable relative to AI-augmented peers at competing organizations. 

It requires that your customers do not migrate toward suppliers or partners who deliver faster, 

cheaper, or better outcomes through AI-enabled processes. In many industries, those are 

reasonable near-term assumptions. In most, they are not — and the leaders who have assessed 

them honestly are not choosing to “do nothing.” They are choosing how fast to move, and toward 

what. 

The governance test is straightforward that if your organization cannot articulate why it is moving 

at its current pace — if the answer to "why aren't we further along?" is "we haven't gotten to it" 
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rather than "here is our rationale” then you are not a deliberate and strategic Slow Follower. You 

are an organization that has outsourced its AI strategy to inertia. That is not a defensible position 

to present to a board, and it is not a position that will serve the organization when the competitive 

environment forces the question. 

First-Mover AND Slow-Follower: The Dual-Track Strategy 

For most organizations, the most effective AI adoption strategy is not a single speed — it is two 

speeds running simultaneously. A small, dedicated team moves fast: a “skunk works” operation 

with explicit support from leadership, freedom to experiment, and a mandate to fail quickly and 

learn faster. The rest of the organization moves deliberately: structured capability building, 

governed implementation, and a change management program designed to bring the whole 

enterprise along at a pace that sustains performance. 

The fast track — the skunk works — is not about recklessness. It is about compressing the 

learning cycle. What organizations call "fail fast" is more precisely described as getting “quickly 

to version 2.0”. The iteration where real-world experience has replaced assumptions, where 

actual workflows have replaced pilot conditions, and where the organization has a concrete 

foundation on which to build broader adoption. The skunk works team's output is not just a product 

or tool — it is institutional knowledge that the broader change management program can then 

systematize and scale. 

The slow track — the comprehensive implementation program — is not the "safe" option. It is the 

organizational backbone. It ensures that AI adoption does not happen only in pockets of the 

organization where early adopters congregate, but becomes embedded in governance, 

competency framework, performance systems, and culture. The intensity of investment in this 

track should be calibrated to competitive urgency. Organizations in fast-moving competitive 

environments will need to sustain a higher pace on both tracks than those in more stable sectors. 

The calibration itself is a strategic decision that belongs at the board level. 

The dual-track model also resolves a common leadership tension of the pressure to move faster 

than the organization can safely absorb. By explicitly resourcing a fast-moving team, leadership 

creates a legitimate outlet for urgency — without exposing the broader organization to the burnout 

and disengagement risks that come from trying to move everyone at the pace of the most 

enthusiastic early adopters. The AI-Frisson Framework supports both tracks. The skunk works 

team needs psychological safety to experiment and fail. The broader organization needs 

structured change management to build confidence and capability at a sustainable pace. 
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Kotter’s Eight-Step Model for Leading Change 

John P. Kotter’s eight-step model for leading change provides the implementation architecture 

that connects the strategic thinking of Deming, Drucker, Porter, and Peters to the operational 

reality of AI adoption [10]. Where Deming establishes why organizations must drive out fear, 

Drucker why change must be treated as opportunity, Porter why the pace and distinctiveness of 

adoption determine competitive position, and Peters why continuous improvement must be 

embedded as a daily operational discipline, Kotter explains how organizations actually move 

through large-scale transformation. His model begins with establishing urgency — precisely the 

condition AI-frisson creates — and proceeds through building a guiding coalition, developing a 

change vision, communicating it broadly, empowering broad-based action, generating short-

term wins, consolidating gains, and anchoring new approaches in organizational culture. 

Applied to AI adoption, each step has a direct counterpart in the AI-Frisson Framework:  

1. Urgency is the AI-frisson response itself. 

2. Guiding coalition is senior leadership publicly modeling AI adoption. 

3. Change vision is a common message or reason for the need to act and the end goal. 

4. Vision is a clearly communicated AI strategy that gives employees a concrete picture of 

the future. 

5. Empowerment is the psychological safety infrastructure that makes experimentation 

safe. 

6. Short-term wins are the early, role-relevant AI use cases that build confidence before 

resistance solidifies. 

7. Consolidation is the PDCA-driven capability development cycle. 

8. Cultural anchoring is the governance posture that makes AI dexterity — not just AI 

literacy — a permanent organizational standard.  

Kotter’s central warning is that organizations that skip steps or declare victory too early fail. In AI 

adoption, the equivalent failure modes are deploying tools without managing the human 

response, celebrating early adoption without building durable capability systems, and treating 

the rollout of an AI platform as the end of the change management process rather than the 

beginning. 
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Putting it all Together: Building a Change-Ready Enterprise 

A change-ready enterprise is an organization that has built the leadership clarity, communication 

infrastructure, capability development systems, and psychological safety culture required to 

absorb and integrate disruptive change at the pace the competitive environment demands — 

before a specific disruption arrives. Change-readiness is not a project outcome; it is a governance 

posture, maintained continuously through deliberate investment in the human and systems 

dimensions of adaptability. A change-ready enterprise does not merely survive disruption; it 

converts disruption into advantage. 

The evidence from AI adoption research is clear: the constraint on AI-enabled competitive 

advantage is not access to tools — it is organizational readiness, and readiness is built through 

deliberate, governed, continuously improved management systems [13, 14]. A change-ready 

enterprise has five identifiable characteristics. Its leaders have publicly committed to AI adoption 

and modelling the learning behaviors they expect from the organization. Its communication 

systems ensure that employees understand what AI adoption means for their roles before anxiety 

fills the information vacuum. Its capability development programs build AI dexterity 

systematically, not just AI literacy. Its psychological safety infrastructure makes it safe to 

experiment, fail, and learn openly. And its measurement systems track adoption progress, 

capability gains, and well-being indicators at the leadership level — treating deterioration in any 

of those indicators as a governance signal requiring a management response. 

These five characteristics are not a checklist. They are the five dimensions of the AI-Frisson 

Framework Strategy Model. Building a change-ready enterprise and implementing the AI-Frisson 

Framework are the same task. The organization that waits until a specific AI disruption forces 

change — a competitor’s product launch, a customer defection, a talent gap — has already lost 

the time advantage that proactive change management provides. The organization that begins 

building change-readiness before the pressure arrives converts the AI-frisson response from a 

liability into a strategic asset. That conversion is the AI-frisson dividend. 
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Conclusion — Key Takeaways 

AI adoption is the defining enterprise disruption of the current era. Organizations that treat it as a 

technology implementation project — focused on tools, platforms, and technical capability — will 

underinvest in the human, cultural, and governance dimensions that determine whether AI creates 

value or creates chaos. The AI-Frisson Framework provides structured architecture for doing this 

right that is acknowledging the psychological reality of AI disruption, building the management 

systems to govern the transition, and connecting AI adoption to the broader enterprise resilience 

and business continuity governance that mature organizations have already invested in building. 

Importantly, AI adoption is not a one-time event. It is a continuous management challenge that 

will evolve as technology evolves. The organizations that will lead in this environment are those 

that treat AI adoption not as a project to be completed but as a capability to be continuously 

improved — governed by the same PDCA discipline, board-level accountability, and stakeholder 

engagement that characterize effective operational resilience and business continuity programs. 

Key Takeaways: 

1. AI adoption is a change management imperative first and a technology decision second. 

The psychological response to AI disruption — AI-frisson — is predictable, manageable, 

and, when governed well, convertible into competitive advantage. 

2. The AI-Frisson Framework provides a five-dimension change management architecture: 

leadership alignment, communication planning, capability building, psychological safety 

infrastructure, and measurement. ISO 22301-aligned organizations should add a sixth 

dimension for formal business continuity integration. 

3. AI adoption is an operational resilience challenge. Organizations must maintain core 

functions while transforming how those functions are performed — the defining mandate of 

BCMS. Connecting AI adoption governance to published operational resilience and BCMS 

frameworks creates a more robust, auditable, and board-accountable management system. 

4. The AI-frisson dividend rewards early investment in change-ready culture. The constraint on 

AI-enabled competitive advantage is not access to tools — it is organizational readiness, 

and readiness is built through deliberate, governed, continuously improved management 

systems. 

5. History provides confidence. The TQM movement, food safety culture, and BCMS adoption 

during COVID-19 all demonstrate that enterprise-wide culture change of this magnitude is 
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achievable — when it is led from the top, resourced deliberately, and governed as a 

continuous improvement discipline rather than a one-time project. 
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